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Abstract 

in this paper, we propose an image stitching for the construction of a single 

image from a set of input images. Unlike previous methods, our approach 

allows wide baselines between images and non-planar scene structures.  We 

design a mesh based framework to optimize alignment and regularity in 2D. 

By applying transforms and identifying transformation co-efficient and finding 

the region of overlapping, the images are stitched. Experimental results for the 

following method are shown below.  

Index Terms— Image stitching, multi-view panorama, image alignment, 

SIFT Transform, wide-baseline images. 

 

 INTRODUCTION:  

With the invent of camera, image capturing and image sharing has become popular. 

Generally the camera cover a limited area according to capacity of lens arranged. But 

if we want to combine a number of images under a single image frame, we need to 

stitch the images together. Such a process is known as image stitching.  Panorama is 

defined an unobstructed view or wide angle representation of a physical body. 

A panorama (formed from Greek ( πᾶν "all" + ὅραμα "sight") is any wide-angle view 

or representation of a physical space, whether in painting, drawing, photography, film, 

seismic images a three-dimensional model. The word was originally coined in the 

18th century by the English painter Robert Barker to describe his panoramic paintings 

of Edinburgh and London. The motion-picture term panning is derived 

from panorama. A panoramic view is also purposed for multi-media, cross-scale 

applications to an outline overview (from a distance) along and across repositories. 

This so-called "cognitive panorama" is a panoramic view over, and a combination 

of, cognitive spaces used to capture the larger scale. The device of the panorama 
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existed in painting, particularly in murals as early as 20 A.D., in those found 

in Pompeii, as a means of generating an immersive panoptic experience of a vista. 

Cartographic experiments during the establishment area preceded European panorama 

painting and contributed to a formative impulse toward panoramic vision and 

depiction. This novel perspective was quickly conveyed to America by Benjamin 

Franklin who was present for the first manned balloon flight by the Montgolfier 

brothers in 1783, and by American born physician, John Jeffries who had joined 

French aeronaut Jean Pierre Blanchard on flights over England and the first aerial 

crossing of the English channel in 1785.  

 

 

Figure: 1 panorama image. 

 

PREVIOUS METHOD: 

There are number of methods considered for panorama construction.  One of the most 

known technique is by using of sift transform. 

SIFT transform: 

The scale invariant feature transform is an algorithm in computer vision to detect and 

describe local features in images. The algorithm was patented in Canada by 

the University of British Columbia and published by David Lowe in 1999. 

SIFT means scale invariant feature transform. 

For any object in an image, interesting points on the object can be extracted to provide 

a "feature description" of the object. This description, extracted from a training image, 

can then be used to identify the object when attempting to locate the object in a test 

image containing many other objects. To perform reliable recognition, it is important 

that the features extracted from the training image be detectable even under changes 

in image scale, noise and illumination.  

Such points usually lie on high-contrast regions of the image, such as object edges. 

SIFT can robustly identify objects even among clutter and under partial occlusion, 

because the SIFT feature descriptor is invariant to uniform scaling, orientation, 
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illumination changes, and partially invariant to affine distortion. This section 

summarizes the original SIFT algorithm and mentions a few competing techniques 

available for object recognition under clutter and partial occlusion. 

SIFT key points of objects are first extracted from a set of reference images and stored 

in a database. An object is recognized in a new image by individually comparing each 

feature from the new image to this database and finding candidate matching features 

based on Euclidean distance of their feature vectors. From the full set of matches, 

subsets of key points that agree on the object and its location, scale, and orientation in 

the new image are identified to filter out good matches.  

Key stages are: 

1. Scale -invariant feature detection 

2. Feature matching and indexing. 

3. Cluster identification by Hough transforms voting. 

4. Model verification by linear least squares. 

5. Outlier detection 

Applications include object recognization, tracking, and individual identification of 

wildlife and match moving. 

 

Proposed method: 

SURF points: 

In computer vision, speeded up robust features (SURF) is a patented local feature 

detector and descriptor. It can be used for tasks such as object recognition, image 

registration, and 3D reconstruction. It is partly inspired by the scale-invariant feature 

transform (SIFT) descriptor. The standard version of SURF is several times faster 

than SIFT. 

SURF was first presented by Herbert Bay, et al., at the 2006 European Conference on 

Computer Vision. An application of the algorithm is patented in the United States. An 

"upright" version of SURF (called U-SURF) is not invariant to image rotation and 

therefore faster to compute and better suited for application where the camera remains 

more or less horizontal. 

To detect interest points, SURF uses an integer approximation of the determinant of 

Hessian blob detector, which can be computed with 3 integer operations using a pre 

computed integral image. Its feature descriptor is based on the sum of the Haar 

wavelet response around the point of interest.  

These can also be computed with the aid of the integral image. 
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Key stages: 

1 .outliers Detection 

2. Scale-space representation and location of points of interest 
3. Descriptor 

4. Orientation assignment 

5. Descriptor based on the sum of Haar wavelet responses 
6. Matching 

 

Experiment results: 

 

 

Figure 2. set of Input images 

 

 

Figure:3. output panorama image. 

 

CONCLUSION 

The individual input images are stitched together and the panorama image is formed. 

In the panorama image, the number of images is displayed together. As a result, the 

storage memory required is reduced. As an impact of these method, a wide vision of 

physical matter is observed and as a result, the deep analysis of the physical matter is 

achieved. 
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